C ooperative behaviour among individuals within a group is often characterized by unequal sharing of the benefits resulting from the cooperation. The degree of this skew in benefits has been proposed to predict current alternative life-history behaviours, as well as to imply past evolutionary processes (Vehrencamp 1983 (Vehrencamp , 2000 Reeve & Keller 1995; Sherman et al. 1995) . 'Skew' models, therefore, have attracted considerable interest both theoretically and experimentally (Keller & Reeve 1994; CluttonBrock 1998; Johnstone 2000; Koenig & Haydock 2001; Reeve & Keller 2001) . Although conceptually the idea of unequal sharing is simple, the practical matter of measuring it has proved to be confusing and contentious.
In actuality, the biological definition of skew is more akin to the statistical measure of variance rather than skew (Kokko et al. 1999 ). As such, there exists over 20 ways of indexing the magnitude of variation within groups (Kokko et al. 1999; Nonacs 2000) . Moreover, there is no consensus on a 'best' way to measure skew. Several recent papers both explicitly promote and criticize particular methods of measuring skew (Pamilo & Crozier 1996; Tsuji & Tsuji 1998; Nonacs 2000; Tsuji & Kasuya 2001) . The criticisms can be generalized into three broad categories, with differing recommendations on how best to proceed.
(1) The many measures of skew often do not correlate when applied to the same data sets. Because the biological relevance in the formulation of indices is often unclear, accurately describing skew may require using several indices and a detailed exposition on the mathematical properties of any disagreeing indices (Kokko et al. 1999 ).
(2) Some level of skew is expected from entirely random processes (Tsuji & Tsuji 1998; Nonacs 2000; Tsuji & Kasuya 2001) or from differential survival of group members that may be unrelated to the behavioural interactions (Crespi & Yanega 1995) . Indices must account for these factors or else they may suggest significant skew when none is present, or vice versa.
(3) Indices should not be sensitive to per capita productivity of groups (i.e. mean dependency: Tsuji & Tsuji 1998; Tsuji & Kasuya 2001). Skew values should not differ across groups due solely to differences in overall group productivity. Secondarily, when only group size varies, an index should measure that variation in a biologically intuitive manner (Tsuji & Kasuya 2001) .
I will argue, however, that the first criticism is exaggerated. Most indices correlate very strongly and measuring the same data with multiple indices will rarely reveal novel insights. The second criticism is serious and must be recognized if an index is to measure skew reliably. Adjusting for random chance can be done through simulation, but this is cumbersome and perhaps not always dependable. This strongly favours using indices that explicitly define values for random distribution. The third criticism is fallacious. I will show that positive mean dependency can be a statistically useful and desirable feature in an index. Also, the effect of group size is conceptually complex and mathematical intuitiveness should not be equated with biological reality. Nevertheless, the effects of group productivity and size can be used to verify the reliability of indices under several assumptions of how benefits are skewed within groups. Through these analyses I will show that the B index (as formulated in Nonacs 2000) has the most positive features, is the most consistently reliable, and that little is gained by simultaneous calculation of a variety of other indices.
Finally, I will apply the B index to a recently published data set on skew between queens within ant colonies (Fournier & Keller 2001) to show how it can be used to test specific hypotheses. Kokko et al. (1999) 
Criticism 1. Skew Indices Significantly Differ in How They Measure Skew

